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Reserch of Machine Tool Health Management System Based on Convolutional Neural Network
ZHANG Lingi, TANG Dunbing,ZHU Haihua,LIU Changchun, WANG Zhen
(College of Mechanical and Electrical Engineering, Nanjing University of Aeronautics and
Astronautics, Nanjing 210016, China)
Abstract : With regard to the health management of machine tools, proposes a predictive maintenance method based on

convolutional neural network. The corresponding model is trained and tested in light of the operation data of the machine tool.

Compared with other common machine learning models, the proposed model is more accurate and stable. The machine tool health
management system based on the model is finally built to realize the fault prediction and health management of machine tools.
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