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Abstract : In order to improve the machining quality of aerospace parts, the deep learning algorithm was used to enhance the
original machining—errors data set, the long short—term memory was constructed to predict the errors of future parts, and the grey
wolf algorithm was applied to optimize the key hyperparameters of the prediction model. The experimental result shows that the
accuracy of the improved deep learning method for quality prediction is significantly raised compared with the traditional one.
Thus, GWO-LSTM can effectively improve the accuracy of quality prediction of aerospace parts as well as the production
quality, which has a certain engineering practice value.
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